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Fig.3  The result of different segmentation scale
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Application of Multiscal Segmentation to the Detection
of Urban Expansion

LI Xuedong' > YANG Guangbin' > ZHANG Xuya’® YANG Xingdong' WU Jing'

(1. School of Geogray and Enviroment Sciences Guizhou Normal University Guiyang 550000 China;
2. Key Laboratory of Remote Sensing Application Mountain Resources and Environment Guiyang 550000 China;
3. College of Resource Environment and Tourism Capital Normal University Beijing 100048 China)

Abstract: A use of the scale of the landscape type response characteristics of urban expansion change detection
method is proposed based on direct comparison of the changes in the spectral vector analysis. This method had full
used geometry and texture features. First the use of different landscape objects contemplated and features in the
base period and the detection of image segmentation cross-nested and presplits get the child object and then ac—
cording to the homogeneity of the spectral clustering standard initial extraction range. Finally use the ROC curve to
determine the best cut-off point and suspicious interval range base on member ship and the basic unit of change
vector analysis method for accurate extraction of the change detection area. Use the Landsat —5 2001 and 2008
multi-spectral image of the main city in Guiyang City Guizhou Province of China as data source to do experiments

to prove the feasibility of the method. The result show this method can exactly and rapidly find urban of change.

Key words: multiscal segmentation; CVA; ROC curve; Membership function



